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Abstract: As an interpreting symbol of remote sensing images, shadow, however, brings about “pseudo changes”, which
is one of the main sources leading to error detection in high-resolution remote sensing image change detection. For this
issue, an object-based high-resolution remote sensing image change detection method was proposed combining with
shadow compensation and multi-scale fusion. In the object orientation detection framework, the shadows in the remote
sensing images were extracted. Then multi-scale change detection was conducted with shadow compensation. In the pro-
cess, an objective function was constructed of mutual scale information minimization to realize the adaptive extraction of
scale parameters. Based on this, combined with the shadow compensation factor, a multi-scale decision-level fusion
strategy built on D-S theory of evidence was designed, and the levels of change intensity were further divided. The ex-
periments show that the method is effective in solving the error detection problem caused by shadow, significantly im-
proving the precision of change detection.
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X AILT7 ik 88.2% 11.1% 15.5% 0.728
Hlusk 1
OB-HMAD 81.3% 19.1% 19.7% 0.657
X AILT7 ik 85.5% 17.1% 15.8% 0.701
Hop gk 2
OB-HMAD 75.2% 25.6% 28.5% 0.587
X AILT7 ik 85.3% 16.1% 12.9% 0.698
Hohi sk 3
OB-HMAD 83.1% 16.5% 17.5% 0.681
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